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Abstract

We present a demonstration of Phraselette, an artistic support tool
designed for compatibility with the writerly values of experimental
poets. Following a theory of “material writing support”, we intro-
duce affordances for selecting short spans of text (on the order of a
few words) to vary; constraining text generation procedures (some
based on language models) to adhere to poetic intent; and searching
through large spaces of potential variations for phrases that satisfy
users’ constraints in unexpected but evocative ways. Phraselette
has been validated through an extended expert evaluation with
10 published poets; we found that, in contrast to the dominant
prompting-based approach to interacting with language models as
writing support tools, Phraselette is better aligned with experimen-
tal poetry practice, providing deeper support for navigating spaces
of potential interpretations of poetic text.
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1 Phraselette: A Contextual, Constrained Phrase
Thesaurus

Phraselette is an artistic support tool [28] for experimental poets,
meant to—rather than offload creative cognition onto machine
assistance—expand the writer’s possibility space by providing tex-
tual material only at sites where the writer requests it. It aims
to integrate into creative writing practices by operating as a tex-
tual instrument [25, 37]. With use patterns analogous to a tradi-
tional thesaurus, it supports word search, and (unlike a thesaurus)
does so with specificity to text context, with many avenues for
creative control. Also unlike a traditional thesaurus, which sup-
ports only word-sized concepts, Phraselette allows search for multi-
word phrases. We drew design inspiration for Phraselette from our
own personal practices of experimental writing; from literary the-
ory’s view of constraint [13, 22, 32, 36]; new media scholarship
on the materiality of digital text [4, 17, 21], computational text
criticism [18, 30, 33], from prior computational writing support
tools [5, 6, 8, 14-16, 24, 27, 35, 38, 39]; and from critical engagement
with language models [1-3, 7, 10, 11, 23, 31].

2 Background

Li et al. [28] point out that creativity support tools exert “power over
their users” to construct a “normative ground” that structures users’
“ideas, goals, and intentions”. To align text generation with writers’
creative activity, Phraselette is designed to deviate from the nor-
mative automaticity of many other Al-based writing support tools.
We explode the unitary text generation process into many smaller,
more transparent sub-processes (phrasewells) to support material
writing practice: writing that engages with its own representation
or the processes through which it arises [9, 17, 21].

Material writing support tools might provide writers avenues for
priming their mental space or engaging with “second-generation
originals and media info-bodies” as a springboard for poetic play
[4]. In this view, a thesaurus might be viewed as a way for writers to
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Figure 1: The Phraselette interface. The editor (E1) allows writers to highlight text in order to create an inlet, a site for text
revision. Users activate phrasewells with the side-scrolling menu (M1). Here the active phrasewells include a thesaurus (W1)
which can be edited into different styles and roles with (E2) and a permanent well (W2) used for high level word constraints.
Wells each provide some combination of rephrasings (R1, R2), constraints (C1, C2), insights (Figure 3) and views (V1)). A worked

example is given in Section 3.2.

find relevant textual material, just as experimental collage practice
views other texts as sources of inspiration. Phraselette thus provides
opportunities for writers to find relevant textual material with the
same granularity as the words given by a thesaurus.

Despite being framed in contrast to the automaticity of many
existing large language model (LLM)-based applications, Phraselette
is aimed to expose the affordances of statistical language models
and the decoding algorithms that accompany them. The system
lets users steer and look inside these models; it provides many
suggestions, offers cues about the model’s state, emphasizes the
poet’s mental space over the text itself, enables a plurality of cus-
tomizable search criteria, and aligns these criteria with a writer’s
notion of constraint. We argue that certain affordances of language
model technology, such as word retrieval capabilities and plain-text
task specification, are, rather than analogous to or substitutive for
writerly processes, able to provide a rich material work surface. Im-
perfect machine mirrors of the interpretations that human writers
use to search for words can form a verdant ground where new ideas
emerge [22, 32].
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3 System Design

Phraselette is modular, supporting a variety of text generation strate-
gies and modes of textual constraint. Disparate text generation
procedures, search algorithms, models, and forms of data represen-
tation can thus be used in concert, each with different strengths and
use cases that writers can tailor for their own purposes. The system
connects text generation strategies, constraints, and insights into
the conceptual unit of the phrasewell (well for short), each of which
simultaneously provides new machine perspectives on text and
new ways to constrain or generate alternative text.

Linking these affordances into phrasewells improves the sys-
tem’s modularity and extensibility. For instance, a programmer
might want to introduce a WordNet-style conceptual ontology to
Phraselette’s text representations; wells are designed with object
oriented principles, so this extension can be made by implementing
a new phrasewell class.

3.1 Phrasewells

Phrasewells are the main way that users interact with Phraselette,
and can provide four distinct types of affordance:
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3.1.1 Rephrasings. These are rewrite suggestions made by the
Wells. Rephrasings appear within the Well UI element and are
also aggregated to a window on the bottom of the screen, colored
according to the Well in which they originated.

3.1.2  Constraints. Some Wells allow the writer to add constraints
that reduce the search space of its own generation capabilities as
well as the generation of other Wells. Constraints have two roles
during rephrasing generation:

(1) To produce advice to the search algorithm (information that
guides and directs the search)
(2) To score the rephrasings produced by the Well, for sorting=

Each type of Well that produces rephrasings has a unique search
algorithm, so it is up to each Well to determine how to satisfy each
constraint.. We refer to a Well modulated by a given constraint
as receiving ‘advice’ from the constraint. For a complete list of
currently supported phrasewell types, see Section 3.3.

3.1.3 Insights. Additional information that a Well provides. In
some cases, insights are textual: such as workshop-style feedback
generated according to a custom role. Insights can also be graphi-
cal; such as a word likelihood histogram. Insights function partly
as mechanisms for the user to “see what the machine sees”, and
form a closer relationship to the generative system responsible for
rephrasings.

3.1.4  Views. Some Wells provide a unique view on the selected
text. The view may be thought of as a lens through which the
document may be annotated. These Wells attach additional data
to the words (tokens) for all rephrasings in the document. Wells
that provide a view display it for the current selection, and to the
expanded display shown when rephrasings are hovered over).

3.2 User Scenario: Working with Phraselette

To illustrate how Phraselette works in practice, we will demon-
strate its use for revision. We present a user scenario: A poet, Char-
lie, wants to continue writing a series of poems that critiques the
naivete of modernism. Charlie often works by modifying other
texts, and here begins with William Carlos Williams’ “The Red
Wheelbarrow”. Charlie opens the editor and pastes the poem (Fig-
ure 1).

Charlie recognizes the phrase “glazed with” is doing a lot to guide
the temperament of the scene. Charlie highlights it in the editor and
selects Create Inlet. The system will now maintain this highlighted
span (or inlet) as they work, and aim to produce revisions of the
selected text. The interface displays available text transformation
tools, the phrasewells, in a top-righthand-side menu (Figure 1, M1).
Each well represents a different approach to text transformation.
Charlie activates a ‘reader’ Well by clicking its (+) icon. It appears
in the right hand column alongside an initial ‘words” Well.

Charlie wants this descriptive phrase to evoke a whimsical and
actively alternative, technical tone but but they also know that it
should describe the behavior of water. Charlie cycles through the
included reader archetypes by pressing the Well’s die icon until
it reads “William S. Burroughs.” In addition to this reader, Charlie
adds a thesaurus Well (W1), which they know to be less impacted
by the text surrounding the highlighted inlet; they hope this will
produce more contrast with the current language. To describe how
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this thesaurus should behave, Charlie writes “Alfred Jarry’s inverted
dictionary of pataphysics” to target a whimsical and parodic style
(E2). Finally, they add a context Well to see what words would be
most likely to appear in the place of “glazed with” (which they want
to avoid).

Now that Charlie has assembled an assortment of Wells, each
with slightly different foci, they can generate alternate rephrasings
for the selection either by triggering individual Wells or by running
all active Wells simultaneously.

Charlie decides to move towards more active language in order
to evoke a sense of critique. In a permanent Well that deals with
word-level constraints, Charlie clicks the lockbox emoji, and using
the constraint selection interface for part of speech, changes to a
Verb-Adverb structure (C2).

After Charlie runs the Wells, they each provide various forms of
text or other insights (Section 3.1.3). Hovering over any rephrasing
shows all the view data associated with it, its phonemes/speech
sounds, calculated likelihood scores, and more (Figure 3.1.4). Com-
monly, the user will see the insights and ideas on the screen and
simply make note of the new diction or come up with a different
idea to prod towards. Clicking on a rephrasing will place it in the
current inlet, but a common use case is to absorb the responses
given by the Wells and manually make a change to the current inlet
or elsewhere. For Phraselette, success doesn’t always entail direct
user acceptance of machine suggestions—noting a related word or
concept often leads to revisions across the text, and may lead to
knock-on effects to structure and concepts [34, 39].

Charlie sees that Phraselette has elevated the rephrasings “vul-
canized via” and “vitrified per” (Figure 1 R1). They need to look up
what vitrified means (perhaps consulting the dictionary Well for an
approximate definition)—to convert into glass by heat. They hover
over the rephrasing, noting that the context Well has satisfyingly
provided a low probability for the word, and click on it, replacing
“glazed with” in the text. Noting the play of “vulcanized via”, they
edit the stanza to: “vitrified via rain / water”. They note that vitri-
fication via water entails that the water must be hot, so they shift
focus and highlight the (red) “wheel barrow”, creating a new inlet
for the phrase without removing the previous inlet. Clicking ‘Run
Wells’ restarts the search on this inlet with the same active Wells
as before, allowing them to apply the same palette of word search
tools to the new context.

3.3 Types of Phrasewells

3.3.1 Thesaurus. The thesaurus phrasewell is operated by entering
a description of the thesaurus or word bank from which rephrasings
should be drawn. Built-in examples include descriptions like “the
thesaurus James Joyce used for Ulysses”, the lexicon of a romance
novel, a thesaurus to produce homophones, and a thesaurus to
explore hypernymy or hyponymy relationships. The thesaurus
phrasewell implements constraints by algorithmically constructing
LLM prompts with constraint-adherence instructions; its prompts
include the Inlet’s selection text, but do not consider the context
surrounding this text. This is unlike other Wells, which do take
into account the surrounding context. Restricting the information
used to inform generation changes the bent of the rephrasings;
this decision showcases that a multiplicity of diverse generation
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Figure 3: The reader phrasewell gives poets the ability to ‘cast’
an imagined persona into a role of reader to provide feedback
and revision material.

strategies, each with different aims and affordances, can be used in
concert.

3.3.2  Basic (‘Words’). The ‘Words’ Well is the only phrasewell that
cannot be disabled. It allows users to constrain text by word count
and part of speech (POS) tags. As with other symbolic constraints,
the user can specify sequences that rephrasings should contain, be-
gin/end with, or have in order. The word count constraint provides
advice to some wells by directly changing parameters to the beam-
search process used in rephrasing. For others, it adds guidance to
the prompt in plain English, e.g., “aim to produce between 1 and 4
words”. The same is true for POS constraints, which provide advice
both in the form of prompt injections and a beam search heuristic
to guide the sampling process.

3.3.3 Reader. Like the thesaurus, the reader phrasewell allows
users to describe the attributes of a desired reader persona in plain
text. The user can rotate through predefined persona descriptions,
or introduce their own. Built-in reader descriptions include surreal-
ist writers (“Tristan Tzara, the Dadaist poet”) and archetypes (“a
literary critic..”). This description is then used to construct an LLM
prompt which also includes the document’s context and the current
selection text. Upon triggering the reader Well, it first provides up
to three bullet points that are generated to characterize a critique
or positional reading of the current selection, given the perspective
of the reader archetype in the provided description. These insights
(or ‘reader responses’) are passed into a second prompt, which
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instructs an LLM to produce rephrasings in accordance to this ad-
vice. This two-step process is inspired by autodebugging [20] and
the improvement of LLM writing via edit models [10]. It typically
provides 5-12 rephrasings.

3.3.4 Context. This phrasewell surfaces the top 20-50 rephras-
ings according to a custom beam-search scoring algorithm [12, 19]
which samples from among the most likely continuations to the text
immediately preceding the Inlet, taking no account of the Inlet’s
highlighted text. The context phrasewell provides insights in the
form of a histogram that shows the log-likelihood distribution of
possible rephrasings according to the model. It also provides proba-
bility constraints, which can be used to limit rephrasings (across
all Wells) to those of a certain likelihood level.

3.3.5 Sound. The Sound phrasewell provides constraints over the
phoneme space (speech sounds) of words. Activating it introduces a
phoneme-generation step to the rephrasing pipeline. Users can then
constrain the sound of rephrasings to match parts of a reference
pronunciation, e.g., to start with a ‘k‘ sound or rhyme with the end
of the current selection.

3.3.6 Dictionary. Like the thesaurus, this Well allows users to
provide a text description to guide the system. It produces machine
generated definitions to match a given style (insights). It takes
into account the context around the current Inlet, as well as the
selection text itself to produce the stylized definitions. This Well
was included partly to demonstrate the breadth of possibilities
provided by Phraselette framework. We observe that the thesaurus
can often provide new coinages as well as unknown phrases; the
dictionary can provide appropriately themed definition text.

4 User Study

We conducted an extended user study [29] with 10 recently published
poets over the course of two weeks of use, aiming to understand
how such a writing tool can be integrated within real world art-
making practice [8]. Our qualitative coding of interview transcripts
found that participants on the whole:

o Expressed positivity about the tool after using it for two
weeks (Figure 4). One participant “a dependency growing in
a good way”.

o Used the system for revision, conceptual discovery, and trans-
lation.

e Described it in terms of play. Described moments where
useful words and phrases appeared as highly rewarding.

e Described their role as curator, editor, or workshop partici-
pant.

e Found the multiplicity of options useful.

e Compared Phraselette postively to their impression of other
Al systems, feeling higher levels of creative control and own-
ership over the generated text than they expected.

One user’s description of Phraselette as a conceptual “chisel” sug-
gests a view of the system as a defamiliarizing force [8], a “loser
of poetry” and its meaning [22]. Broadly, our findings also support
Li et al.’s theory of “normative ground” [28]; Roemmele’s findings
around “inspiration through observation” of machine-generated
text [34]; and Lawton et al.’s findings regarding when users per-
ceive co-creative systems as collaborators rather than tools [26].
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Creativity Support Index
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Percentage
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Figure 4: Creativity Support Index responses indicate that
participants enjoyed using Phraselette and valued its output.
In interviews, many mentioned that they were planning to
pursue publication of work authored using the tool.

In particular, Phraselette’s placing of initiative firmly within the
hands of the user may contribute to broad user agreement that
the system is best viewed as a tool, rather than a collaborator or
co-pilot (Figure 5).
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